
• The task is that of identifying entities (e.g. drugs, 

proteins, genes, diseases) and identifying 

relationships between them from e.g. scientific 

literature, clinical trial reports, etc.

• Useful for constructing pharmaceutical knowledge 

graphs, medicine repurposing/re-use, adverse 

medicine reaction detection, discovery of new 

medicines etc.
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•Existing datasets have limitations, e.g. assume 

a classification setting, are noisy, do not have 

annotations for end-to-end RE, etc.

•We introduce a new dataset suitable for end-

to-end generative biomedical RE obtained 

from UMLS and Wikipedia.

•Each instance in dataset consists of text (e.g. a 

sentence) together with all relation triples 

expressed in the text.

•Dataset has a total of about 107k instances 

which we split into 106k/500/500  train/val/test 

split.  Baseline models include BART1, GENIE2, 

and BIOGPT3.

•Our proposed approach combines elements 

from previous methods for true end-to-end 

generative pharmaceutical relation extraction. 
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Figure 1: Knowledge Graph extracted from the  following text:
"Aberrant splicing of phenylalanine hydroxylase mRNA: the major cause for phenylketonuria in parts of

southern Europe. We report a mutation within the phenylalanine hydroxylase (PAH) gene that causes

aberrant splicing of the mRNA and that is in tight association with chromosomal haplotypes 6, 10, and

36. Because of the high frequency of these particular haplotypes in Bulgaria, Italy, and Turkey, it

appears to be one of the more frequent defects in the PAH gene causing classical phenylketonuria in

this part of Europe. The mutation is a G to A transition at position 546 in intron 10 of the PAH gene, 11

bp upstream from the intron 10/exon 11 boundary. It activates a cryptic splice site and results in an in-

frame insertion of 9 nucleotides between exon 10 and exon 11 of the processed mRNA. Normal

amounts of liver PAH protein are present in homozygous patients, but no catalytic activity can be

detected. This loss of enzyme activity is probably caused by conformational changes resulting from the

insertion of three additional amino acids (Gly-Leu-Gln) between the normal sequences encoded by

exon 10 and exon 11"

Table 1: Results showing performance of our 

approach compared to other methods from 

the literature.
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