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Sources of Uncertainty and Error Propagation
in the Small-Scale Crystallisation DataFactory

Amal Osman'?, Chantal Mustoe!?, Murray Robertson®?, Michael Chrubasik3, Paul Duncan3, Blair Johnston?, Alastair Florence®?

Automated experiments are currently being implemented in assisting the development of the Crystallisation Screening DataFactory Database. Our understanding of the sources of error, controlling
these sources of error and error propagation is limited in this new platform. This research project will focus on understanding sources of error to inform best practices in our experimental set-up,
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Figure 3: Sources of measurement uncertainty in the crystallisation

DataFactory impurities, oiling out, solvent evaporation and other factors
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*  Sources of uncertainty throughout the DataFactory have been identified (Figure 3)
* Quantifying uncertainties in image analysis prioritised due to these results impacting future decisions and

* In general, turbidity data are reliable with regards to cloud points but not clear points.
*  Preliminary image analysis results show potential in using machine learning for automated crystallisation data

Further training required to improve its confidence level in detecting clear/cloud points accurately
*  Future recommendations: train model to detect/disregard crystallisation phenomena such as non-nucleation,
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